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Key points

• Dataset documentation is key to enabling ethical practice


• Dataset documentation toolkits exist!


• Data statements (now in v2) are one such toolkit, specialized for natural 
language datasets


• With a how to guide + templates!


• Developing effective toolkits requires community engagement
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This talk draws on

• Bender, Emily M. and Batya Friedman. 2018. Data Statements for NLP: 
Toward Mitigating System Bias and Enabling Better Science. Transactions of 
the Association for Computational Linguistics 6:587-604.


• Bender, Emily M., Batya Friedman, and Angelina McMillan-Major. 2021. A 
Guide for Writing Data Statements for Natural Language Processing.


• McMillan-Major, Angelina, Emily M. Bender and Batya Friedman. 2023. Data 
Statements: From Technical Concept to Community Practice, ACM Journal 
on Responsible Computing.

https://aclweb.org/anthology/papers/Q/Q18/Q18-1041/
https://aclweb.org/anthology/papers/Q/Q18/Q18-1041/
https://aclweb.org/anthology/papers/Q/Q18/Q18-1041/
https://techpolicylab.uw.edu/data-statements/
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https://dl.acm.org/doi/10.1145/3594737
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Overview

• Big picture: dataset documentation


• Early history of data statements


• Data statements v2, workshop, writing guide


• Example elements


• Future directions



Something in the air in 2017…

• Convergent ideas from many groups


• Ethical deployment of pattern matching at scale depends on clear and 
thorough documentation of source datasets



Typologizing risks

• From D’Arcy & Bender 2023 “Ethics in Linguistics” Annual Review of 
Linguistics 

• Documentation is not a panacea, but it can empower people to address 
harms from emergent bias (Friedman & Nissenbaum 2011), representational 
harms (Barocas et al 2017), data theft, and exploitative labor practices (Fort et 
al 2011)



(McMillan-Major et al 2023)



Dataset documentation enables us to ask

• Researchers: Over what domain do I expect my results to generalize?


• Procurers: Is this system appropriate for the users I anticipate will interact 
with it?


• Policymakers: Are rights respected in the development and deployment of 
systems?


• Community activists: What patterns are being reproduced which adversely 
affect my community?
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Interlude: Why here (at LAW XVII)?

• Data & annotation are at the foundation of our field

• You are the people who are creating the most carefully curated datasets

• You can set the standards of best practice

• If we don't get this info in at the foundation, we cut off the possibility of 
ethical practice



This is still/even more true in the age of LLMs

• Bender, Gebru et al: “On the Dangers of Stochastic Parrots: Can Language 
Models Be Too Big? 🦜”


• So, how big is too big? 
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• Bender, Gebru et al: “On the Dangers of Stochastic Parrots: Can Language 
Models Be Too Big? 🦜”


• So, how big is too big? 

"Without documentation, one cannot try to understand 
training data characteristics in order to mitigate some 
of these attested issues or even unknown ones. The 
solution, we propose, is to budget for documentation 
as part of the planned costs of dataset creation, and 
only collect as much data as can be thoroughly 
documented within that budget." 



Data Statements for NLP: Initial steps

• Winter 2017 seminar on “Ethics and NLP” at the University of Washington


• Invited Batya Friedman to do a guest lecture on value sensitive design


• Identified lack of information about dataset contents as a key hurdle to 
mitigating risks of harm from NLP systems



Data Statements for NLP: Initial steps

• Conceptual investigation: What information would various stakeholders need 
about datasets (and to what extent is that information collectable)?


• Data Statements schema version 1


• Technical investigation: Create data statements for __ and __


• Conceptual investigation: Value scenarios (Nathan et al 2007) imagining 
positive and negative impacts of data statement
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Data Statements v1 interim conclusions

As consumers of datasets or products trained with 
them, NLP researchers, developers and the general 
public would be well advised to use systems only if 
there is access to the type of information we propose 
should be included in data statements.

An empirical investigation is also needed, to explore 
how data statements would work in practice for a 
diverse range of practitioners.



Data Statements workshop “at” LREC 2020

• Virtual event, May 11-13 2020


• Three two-hour sessions


• 38 participants from 16 countries (including Argentina, Sri Lanka, Mauritius + 
US and Europe)


• 29 datasets


• 50% senior researchers, 36.8% junior researchers, 13.2% decline to state

https://techpolicylab.uw.edu/events/event/data-statements-for-nlp/


Data Statements workshop “at” LREC 2020

• Goals: Develop data statements, get feedback on schema + best practices


• Day 1 introductions, small group development of first four elements of data 
statement


• Homework: finish drafting those sections


• Day 2 small group feedback on drafted sections, development of remaining 
elements


• Homework: finish drafting those sections


• Day 3 small group feedback on drafted sections, medium group discussion of 
schema and best practices 



Analysis of workshop artifacts: 
Data statement worksheets

• Tips & suggestions


• The worksheet elicited from participants, per element:


• Feedback/concerns


• Tips/advice


• Strengths & weaknesses


• Where did the existing instructions unclear? Unsuited to specific datasets?


• What creative directions did participants take the schema?



Analysis of workshop artifacts: 
Medium-group discussions

• Advice for Developing and/or 
Writing Good Data Statements


• Additional Elements. What further 
elements (if any) should a data 
statement have? Why?


• Uses. What purposes do you see 
data statements serving? When 
could they be helpful and for what?  


• Possible Harms


• Misuse of Data Statements


• What Content is Hard to Know? 
(For elicited data, for found data)


• Best Practices


• Anything else?



Analysis of workshop artifacts: 
Medium-group discussions

• Advice for Developing and/or 
Writing Good Data Statements


• Additional Elements. What further 
elements (if any) should a data 
statement have? Why?


• Uses. What purposes do you see 
data statements serving? When 
could they be helpful and for what?  


• Possible Harms


• Misuse of Data Statements


• What Content is Hard to Know? 
(For elicited data, for found data)


• Best Practices


• Anything else?

=> Draft v2 schema +  
guide to writing



Comparison to Datasheets for Datasets (Gebru et 
al 2018, 2021)

• Another technical investigation


• Compared draft v2 schema with datasheets schema


• Mapped datasheets questions to data statements elements



Comparison to Datasheets for Datasets (Gebru et 
al 2018, 2021)

• How is data conceptualized?


• Who is writing documentation?


• Who is reading documentation?


• What risks are being mitigated?


• What other purposes are being served?



Comparison to Datasheets for Datasets (Gebru et 
al 2018, 2021)

• How is data conceptualized?


• Who is writing documentation?


• Who is reading documentation?


• What risks are being mitigated?


• What other purposes are being served?

=> Final v2 schema +  
guide to writing
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7. Annotator Demographic

• Lessons form Tedeschi et al 2023 “What’s the Meaning of Superhuman 
Performance in Today’s NLU?” (ACL):


• In addition to annotator demographic, we probably also need information 
about:


• How annotators were selected


• Annotator working conditions


• See also: Fort et al 2011 “Amazon Mechanical Turk: Gold mine or coal mine?” 
(Computational Linguistics)
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General best practices

• 1. Remember that a broad range of people may be consulting data 
statements including but not limited to researchers within natural language 
processing, researchers in other fields (e.g., linguistics, law, or digital 
humanities), regulators, procurers, and members of and advocates for 
affected communities.


• 2. For datasets containing sensitive or proprietary information, whenever 
possible write the data statement so that it can be made publicly accessible 
(e.g., avoid including non-anonymized sensitive information).


• 3. Consider using the data statement elements as a checklist for dataset 
design.



General best practices

• 4. Some of the data statement elements concern information that may require 
advanced planning to collect (e.g., demographic information). We recommend 
determining what information is to be collected and how at the start of the 
project, leaving time for ethics review board approval as appropriate.


• 5. For crafting your data statement, we recommend using an interview format 
with an external partner (e.g., someone not involved in the project). This is 
both fun and instructive. In effect, the external partner treats each data 
statement element as a question to be posed to a project member. In 
engaging with someone not involved in the construction of the dataset to 
discuss and clarify answers, you can get a good sense of what information 
and how much detail is needed in the data statement.



General best practices

• 6. When using technical terms, make use of 15 Glossary.


• 7. When information is not known or unavailable, state this explicitly. It is 
valuable for readers to know, for example, that demographic information or 
information about specific language varieties is unavailable. Missing 
information is not a reason to forgo creating a data statement; clearly indicate 
what is missing and provide what information you can.


• 8. For datasets with extensive documentation outside the data statement 
(e.g., annotation guides), provide short summaries with pointers to the longer 
documents. It should be possible to know which key questions are answered 
in the other document(s).



General best practices

• 9. Writing clear, concise data statements takes time and thought. We 
recommend iterating on the text of the data statement.


• 10. If the content of the dataset contains materials that could be a trigger for 
trauma, we recommend making a note of this in either 3 Curation Rationale or 
14 Other.


• 11. If you reference papers and resources (aside from the dataset citation 
provided in 1 Header), include a reference list at the end of the data statement 
with full citations.



General best practices

• 12. Once drafted, review your data statement for words or phrases used to 
describe speakers or their language varieties that might be experienced as 
diminishing and make revisions as appropriate.


• 13. Consider accessibility. When possible, use state of the art tools to check 
for accessibility, for example, for blind and low-vision readers.


• 14. Publish the data statements in the language(s) of the dataset, in addition 
to any languages of broader communication (such as English).



General best practices

• 15. Provide the data statement together with the dataset. This is the 
canonical location for the most up to date version of the data statement. A 
link to the data statement along with 2 Executive Summary should be 
included in (1) any paper discussing the dataset or its uses and (2) the 
documentation for any system trained on the dataset. In publications 
presenting datasets, we recommend including the data statement as an 
appendix along with a pointer to where updated versions of the data 
statement may be found.


• 16. For datasets that are not publicly available (e.g., those containing non-
anonymized health information or proprietary data), whenever possible make 
the data statement publicly accessible. See also General Best Practice 2 
above.



https://techpolicylab.uw.edu/data-statements/

• Guide to writing data statements


• Templates (markdown, overleaf, Google docs)


• Sample data statements

https://techpolicylab.uw.edu/data-statements/


Future directions

• What of this can/should be automated?


• Process should be of reflective engagement


• Main audience should be human readers, w/varied relationships to data


• That said, standardization (e.g. BCP-47 codes) supports examination of 
representativeness of the data catalogue


• See also Vidgen & Derczynski 2020 “Directions in abusive language 
training data, a systematic review: Garbage in, garbage out” (PLOS ONE)


• Using data statements in planning dataset collection (McMillan-Major, 
forthcoming)



Key points

• Dataset documentation is key to enabling ethical practice


• Dataset documentation toolkits exist!


• Data statements (now in v2) are one such toolkit, specialized for natural 
language datasets


• With a how to guide + templates!


• Developing effective toolkits requires community engagement
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