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B. The expectation is easy:
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For the variance, we �rst calculate
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It follows by algebra that
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By noting that
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this yields the claimed variance formula (to within a left limit):
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C. When F =G continuous we �nd that
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Hence from part A it follows that
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both of which agree with the �nite sampling calculations of problem 4 of problem

set 4.

2. A. If F
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B. One way to proceed is to write the standard coe�cient of skewness, 
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This suggests de�ning a "trimmed skewness coe�cient" 
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